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Introduction
The inflow of high-skilled immigrants fosters competitiveness and technological progress in destination countries by contributing to more dynamic knowledge creation and dissemination. An article published in The Independent in November, 2016 claims that "all six of America's 2016 Nobel Prize winners are immigrants" . Economic studies widely support the important role played by immigration in the dissemination of knowledge, expressed, in particular, in the scientific publishing and patenting (Hunt and Gauthier-Loiselle (2010) , Bosetti et al. (2015) , Douglas (2015) and Ganguli (2015) ). The present study addresses the dissemination of broader knowledge via Wikipedia, one of the world's most viewed online knowledge repositories.
Although for the countries of immigrants' origin the outflow of skilled individuals is often perceived as a negative phenomenon, leading to a deterioration of the knowledge economy and the quality of institutions in the origin countries (Anelli and Peri (2017) , Docquier et al. (2016) ), recent literature on innovation suggests that immigrants can act as a channel through which their origin countries could benefit from external knowledge to a certain extent. The positive impact of immigration on knowledge spillovers to the countries of immigrants' origin has been shown for scientific publications and inventions.
When researchers immigrate to the US, more patents from the US get cited by and cite patents from the countries of immigrants' origin (Douglas (2015) , Fackler et al. (2016) ) and more scientific papers published in the US cite papers from the immigrants' origin country (Ganguli (2015) ).
Studies focusing on the spillovers to inventions and scientific publications might be capturing only the lower bound of the overall knowledge exchange taking place due to immigration. Moreover, in recent years, the availability of information and communication technologies, such as various online sites, and easier access to the Internet with tablets and smart phones, help individuals to become facilitators of knowledge. In addition, immigrants arriving from their origin countries might be better at expressing knowledge in such a way that it is more easily absorbed in their former homeland. These factors suggest that the amount of general knowledge disseminated due to immigration could go far beyond formal scientific knowledge. The dissemination of knowledge in a broader sense, i.e. meta-knowledge about science and culture, is the focus of this study. I analyze whether immigrants, who come to a destination country and learn about the local area, contribute information about the destination country to Wikipedia in their native languages.
I combine data on immigration flows to OECD countries from immigrant origin countries and contributions to Wikipedia covering country-specific knowledge domains in a set of languages. I exploit the fact that some knowledge domains, or, according to Wikipedia terminology, categories, such as, "Scientists" or "Research Institutes" focus on providing information in the category about each country, for example, http://www.independent.co.uk/news/world/americas/nobel-prize-winners-immigrants-us-donald-trump-brexitimmigration-racism-post-referendum-racism-a7355406.html "Research Institutes in Germany". Information in these country-specific categories is represented in Wikipedia in multiple languages, including languages spoken in immigrant origin countries from OECD data. This allows me to match the yearly data on immigration flows between pairs of countries to yearly Wikipedia content added about the destination countries in the languages of immigrants' origin countries.
Then, to identify the effects of interest, I use the variation in the immigration flows and examine how it is related to the variation in content generation. Later, I additionally examine if the results hold in the natural experiment setting, in which countries experience economic and political crises representing shocks to immigration.
I show that, after immigration rises, more content contributions take place on Wikipedia in the knowledge-related domains, "Scientists" and "Research institutes" as well as in the culture-related domain "Cuisine" of each destination country. This content about scientists, research institutions and cuisine in destination countries is added to Wikipedia in the languages of origin countries. Moreover, for the knowledge-related domains more content is added mainly by anonymous contributors. The possibility to edit articles anonymously is an institutional feature of Wikipedia which aims at attracting more platform contributions from those users who do not care about building reputation in the community.
Therefore, according to previous research on Wikipedia from computer science literature, immigration attracts occasional contributors to the online encyclopedia, who may have more expertise or be more interested in a specific topic as compared to loyal (registered) Wikipedia community members (Anthony et al. (2009) ). Further exploration of anonymously contributed content suggests, that when we consider the location from where anonymous edits come, the increase in anonymous content in knowledge relevant domains is driven by anonymous contributions of one word and longer. These results are causal and they are robust to a variety of specifications.
Information contributed to Wikipedia has important implications for the technology adoption and individual knowledge-related choices (Thompson and Hanley (2017) , Hinnosaar et al. (2017) ). Therefore, considering immigration as another mechanism of knowledge dissemination can affect how policy makers approach immigration in both origin and destination countries. For example, contrary to the widely acknowledged hampering effect of outflow of human capital from the origin countries, having more knowledge about external science and research in the origin countries could promote the dissemination of new scientific methods and technologies and serve to forge contacts to external research bodies. In this respect, this paper relates to other studies that draw attention to how immigrants contribute to the economy in their origin countries through money remittances (Asatryan et al. (2017) ), Foreign Direct Investment (Javorcik et al. (2011) , Kugler and Rapoport (2007) ), international trade (Gould (1994) ) and international R&D collaborations (Miguelez (2016) ). Figure 9 shows an example of the variation between immigration flows and content generation that I explore. It shows anecdotal evidence that strong immigration from Spain to Germany after 2011 is related to intensive editing activity of an article in German Wikipedia about Max Planck Society in Spanish language. Similarly, immigration from Netherlands to Germany is low as is editing intensity of the article in Dutch.
Related Literature
This paper contributes to two strands of literature.
The first is the economic literature that aims to assess the knowledge dissemination effects of immigration. Studies highlight the importance of geographic proximity between researchers or inventors for acquiring relevant scientific knowledge and know-how (Ganguli (2015) , Breschi and Lissoni (2009), Kerr (2008) , Agrawal et al. (2011) ). Since knowledge that can be codified and transmitted through scientific articles sometimes incorporates tacit knowledge that is easier to transmit in person, face-to-face interactions can be important for the generation of new ideas, as in the case of co-inventor networks in Breschi and Lissoni (2009) . Kerr (2008) and Agrawal et al. (2011) show that ethnic scientific communities help to diffuse knowledge to immigrants' home countries in terms of patent citations. Ganguli (2015) suggests that pre-1990 Soviet scientific knowledge was spread to the US in the research fields in which Soviet scientists were active into the districts in the US where they moved after the collapse of the Soviet Union.
However, Borjas and Doran (2015) point to a potential crowding-out effect on native workers by the arrival of skilled immigrants. Miguelez and Temgoua (n.d.) use a country-pair gravity model to explore knowledge feedbacks disseminated by inventors residing in host countries to their home countries. They find a 10% increase in the number of inventors of a given nationality to a destination country yields a 1% knowledge diffusion to their home country from the corresponding destination country. Finally, knowledge generated by the most technologically advanced countries flows farther (Peri (2005) ).
Even after moving away from their home countries, immigrants may actively contribute to the wellbeing of their former co-patriots. Ghani et al. (2014) show that diaspora connections determine the choice of employees for outsourcing tasks: ethnic Indians are more likely to choose a worker in India when hiring on the online platform oDesk. This result highlights how diaspora continues to be important even in the online world, despite the efforts of oDesk to minimize frictions and provide full information about workers.On a related note, Agrawal et al. (2012) suggests that while workers in developing countries may face initial disadvantages on oDesk, these diaspora-based links could provide an opportunity to overcome initial uncertainty about workers. Such diaspora effects can be important for the economic integration of developing countries, their economic transition and growth. My study is similar in that it explores knowledge dissemination facilitated by an online platform, Wikipedia.
The second strand analyzes incentives of the crowd to engage time and effort to contribute online knowledge to Wikipedia, or, more generally, to participate in the provision of online public goods. Studies show that social spillovers and network structure promote content contributions to Wikipedia (Zhang and Zhu (2011), Piskorski and Gorbatai (2013) , Hergueux et al. (2014) , Kummer (2013) and Slivko (2014) ), while this study indicates that an additional channel, learning or gathering new information, can play a role in content generation on Wikipedia. However, the effects that I find in this study could be reinforced by social spillovers or themselves create social spillovers on Wikipedia.
Online knowledge freely available on Wikipedia can have very salient economic implications, as shown in field experiments by Hinnosaar et al. (2017) and Thompson and Hanley (2017) . Hinnosaar et al. (2017) show that the amount of content about sightseeing in Spanish towns attracts more tourists to these towns, while Thompson and Hanley (2017) show that adding new scientific content to Wikipedia leads to the usage of words added in the scientific literature. These are the first studies to show that knowledge in the online repository contributes to decision-making by individuals and affects technological progress, which highlights the importance of meta-knowledge disseminated by immigrants.
The remainder of the paper is structured as follows. Section 2 describes the data. Section 3 presents the empirical analysis and reports the results on the effect of immigration on knowledge dissemination.
Section 4 analyzes the nature of anonymous contributions and section 5 takes into account the location of contributions. Finally, Section 6 concludes.
Data

Migration
To analyse the effects of immigration on knowledge diffusion I combine data from several sources. OECD yearly data on migration do not provide information on the education levels of migrants. The shares of immigrants with tertiary education (university degree) for the top 20 country pairs for which data are available are presented in Figure 2 . The shares equal to 1 for the origin countries Bulgaria and France and the destination country Germany are due to the fact that the DIOC data do not contain information about other education groups than for the tertiary education for these origin countries. .6
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Background on knowledge domains on Wikipedia
As the largest and the most viewed free online encyclopedia, Wikipedia represents an ideal setting for measuring the dissemination of online knowledge. While Wikipedia articles cover a huge number of topics, I focus on online knowledge in several domains. To measure the relevant meta-knowledge describing science and technology that could potentially be disseminated by migrants, I focus on domains "Research institutes", which describes research institutions, universities and academic societies, and "Scientists", which lists the names of scientists. In addition, to be able to compare meta-knowledge relevant for research and science with broader knowledge accessed by the general public, I add into the analysis the culture-related domain "Cuisine".
Wikipedia has a specific feature which makes it possible to combine content contributed with data on immigration flows between countries. Most articles in Wikipedia belong to knowledge domains, or categories. Wikipedia community members create categories and label articles with related categories.
Among these categories, there are a few which classify knowledge by topic and by country, for example, "Research Institutes" in each country. Figure 4a Figure 4a . These language links tell me in which languages I can obtain information about each main category, describing knowledge about the destination countries of migrants. Then, within each language listed in the language links I can extract subcategories of the main category and articles that are directly related to the category (see upper and lower panel in Figure   4a ). Subsequently, for each subcategory I can go one level deeper in the categorical tree. For example, Figure 4b shows the outcome of going one level deeper for the subcategory "Computer science institutes in France". For each subcategory, I collect subcategories and articles belonging to it and so on. My goal is to automatically collect as many articles belonging to each domain as possible, while avoiding the inclusion of articles that do not directly correspond to the domain. Therefore, for the domain "Research institutes" I collected articles belonging to the main category and to the subcategories of the first level, which means in two iterations. For the domain "Scientists" it took me three iterations. At each step I Wikipedia is the 5th most visited site in World Wide Web, after Google, Youtube, Facebook and Baidu according to alexa.com (October, 2017) . (2011) show, following the drastic reduction in contributions from mainland China, contributions in Mandarin from other neighbouring Mandarin-speaking countries, such as Singapore or Taiwan, also decreased. The authors attribute such a reaction to the decrease in the size of the recipient group. As for individuals who immigrate from China, since Wikipedia was not an important online information site while they still lived in their home country, it is unlikely that they would decide to contribute to it after they moved abroad.
The final set of origin countries, in whose languages there were contributions in at least one of the three Wikipedia domains, comprises about 39 origin countries in Europe and Asia (see also Table   1 ) and 34 host countries (see Table 2 ). In the resulting sample, Figure 6 (see Appendix) shows the strongest knowledge flows in the domain "Scientists", Figure 7 shows which Wikipedia content flows between origin and destination countries have been the strongest in the domain "Research Institutes", and Figure 8 shows the most relevant content flows for the domain "Cuisine". As expected, in "Research Institutes", the countries which receive the most content in the languages of immigrants are United States, German and France. Similarly, for "Scientists", the countries with the most contributions are Germany, the UK and the US, all global leaders in scientific research. For "Cuisine" the composition of countries is more varied.
Wikipedia allows users to edit articles after the log-in process as well as directly, without logging-in. In the former case, the data contain the username of the user who made an edit, and, in the latter case, only the IP address of the contributor.
https://en.wikipedia.org/wiki/History of Wikipedia
The Figure 10 (see Appendix) shows how anonymous and registered edits about "Scientists" vary over time. On average, edits decrease as the coverage of topics grows with time and tends to saturate.
Descriptive statistics
After merging the OECD immigration data with Wikipedia content generation indicators, I obtain the sample composed of the following origin countries (Table 1 ) and destination countries ( Table 2 ).
The countries of immigrants' origin include European countries, former Soviet Union countries and Asian countries ( Table 1 ). The highest outflows of migrants could be observed from Poland and Romania.
The destination countries include all OECD countries ( Table 2 ). The table shows that strong immigration inflows into countries like the US, Germany, or Italy are associated with large amounts of content added to the research-related domains, scientists and institutes, as well as cuisine of the country. Note: For each destination country columns (1)-(5) display the total number of immigrants and the number of skilled immigrants coming to each country of destination (in rows) together with the total number of edits in each observed domain aggregated across all countries of immigrants' origin. 3 Immigration flows and Wikipedia
Baseline approach
To estimate the impact of the immigration flows on knowledge dissemination, I exploit the variation between the inflow of immigrants from a set of origin countries and the amount of knowledge generated about host countries in the immigrants' native languages. For that, I regress the amount of content generated on Wikipedia about host countries in the immigrants' native languages on the independent variables of interest. As an independent variable, depending on a specification, I use the log number of migrants, the log number of high-skilled immigrants and the increase in the absolute number of migrants.
This yields the following regression equation: Similarly, to account for growth in the domains describing destination countries, I add as a control variable, X dt , the amount of content generated about the destination country in English or in the native language of destination countries, d. This helps to tease out the variation in the content about the destination country. For example, there might be more content about scientists in Germany and in the US just because of recent advances in science. Controlling for the amount of content in English language would account for this variation.
In all estimations, I cluster standard errors by origin-destination country pair to allow for serial correlations in the immigration flows between origin and destination countries. In the robustness check, I show that the effects I find are robust to clustering standard errors at the level of origin countries.
Results
The estimation results for equation (1) are presented in Tables 5, 6 and 7. In all tables, the inde-
pendent variables of interest are (i) the logarithm of the number of immigrants (columns (1)-(4)), (ii)
high-skilled immigrants (columns (5)- (8)) and (iii) the absolute increase in the number of immigrants (columns (9)- (12)). For each knowledge domain, I have the following dependent variables: the number of edits made by anonymous (1) and registered (2) users, and the amount of bytes contributed by anonymous (3) and registered (4) users. All dependent variables are in natural logarithms (plus one, to treat zero values). (4) show the results where the independent variable of interest is log number of immigrants from origin country o to destination country d in year t. In columns (5) -(8) the independent variable of interest is the log number of immigrants with tertiary education. Finally, in columns (9) -(12) I use as the independent variable an absolute increase in the number of immigrants in year t, as compared to year t-1. All specifications include year dummies. All standard errors (in parentheses) are clustered at the origin-destination country pair level. Significance stars denote: *** p < 0.01 , ** p < 0.05 , * p < 0.1 . (4) show the results where the independent variable of interest is log number of immigrants from origin country o to destination country d in year t. In columns (5) -(8) the independent variable of interest is the log number of immigrants with tertiary education. Finally, in columns (9) -(12) I use as the independent variable an absolute increase in the number of immigrants in year t, as compared to year t-1. All specifications include year dummies. All standard errors (in parentheses) are clustered at the origin-destination country pair level. Significance stars denote: *** p < 0.01 , ** p < 0.05 , * p < 0.1 . (4) show the results where the independent variable of interest is log number of immigrants from origin country o to destination country d in year t. In columns (5) - (8) the independent variable of interest is the log number of immigrants with tertiary education. Finally, in columns (9) - (12) I use as the independent variable an absolute increase in the number of immigrants in year t, as compared to year t-1. All specifications include year dummies. All standard errors (in parentheses) are clustered at the origin-destination country pair level. Significance stars denote: *** p < 0.01 , ** p < 0.05 , * p < 0.1 .
The results for the knowledge relevant domain "Scientists" of destination countries are presented in Table 5 . They suggest that an increase in the number of immigrants positively affects content generation on Wikipedia about destination countries in the languages spoken in the countries of immigrant origin by anonymous users (column (9)). The coefficient of 0.002 can be interpreted as follows: a one unit increase in the flow of immigrants from country o to country d (which corresponds to 100 individuals), leads to a 0.2% increase in content on scientists to Wikipedia. While the coefficients on contributions by registered users are negative and marginally significant, the effect is robust for the anonymous contributions to Table 6 shows the results for another knowledge relevant domain, "Research institutes" in destination countries. It shows that significantly more content about destination countries is generated by anonymous users in the native languages of immigrants once the inflow of immigrants increases. These results could be interpreted as follows: a 100% increase in the number of migrants from country o to country d yields a 5% increase in the number of edits and 27% more content measured in bytes contributed by anonymous users about country d in the language of country o. This effect also holds for the other two independent variables of interest, the log immigrants with tertiary education level and an increase in the inflow of immigrants, despite the lower number of observations, and the coefficients are stronger in magnitudes.
Similarly to the domain "Scientists", these results highlight that immigration may attract new occasional Wikipedia users contributing in domains more broadly relevant for technological progress.
To compare these findings to another domain which covers a topic of a broader interest, I show the set of results for the content in the domain "Cuisine" of a destination country (Table 7 ). The results suggest that similar effects are present. Importantly, along with anonymously contributed content, we can observe growth in content contributed by registered users. The results get stronger in magnitude and significance once skilled immigration is considered. Interestingly, the effects of immigration seem to be distributed more evenly in this domain between anonymous and registered contributions. The fact that the effects hold here as well supports the robustness of the results for knowledge-related domains.
Robustness of baseline results
In this section I perform a set of robustness checks for the baseline results in Tables 8 and 9 . Column (1) in Table 8 re-estimates the results for the anonymous edits in column (11) of Table 8 clustering standard errors at the level of origin countries. Similarly, column (1) in Table 9 re-estimates the results in column (1) of Table 9 . The magnitude and significance of both coefficients of interest does not change, while standard errors are slightly higher than before.
For both domains, "Scientists" and "Research Institutes", I further check that the results are not driven by a specific subset of countries. Column (2) shows that the positive effect of interest is robust to the largest destination and origin countries, Germany and the US, and Greece being excluded from the sample. Greece is particularly excluded because of the special significance of Greek ancient science for many cultures, which means that contributions about Greek scientists cannot be attributed to immigration. I also exclude the two largest origin countries, Poland and Romania. The results remain robust.
Then, in Column (3) I limit the sample to OECD countries, which have relatively more homogeneous economies and political systems. For the domain "Research Institutes", without the largest countries, the effect remains at about 5%, while for only OECD countries the magnitude grows to about 8%. For "Scientists", in column (3) of Table 8 I show that the effect is to a large extent driven by recent years.
This is important because we might have expected this large domain to have grown primarily in the early years of Wikipedia. Then, contributions in these early years could be driven by the large amount of information available about the domains being added to Wikipedia by the enthusiasts. However, the fact that the effect is driven by the later years demonstrates that it could be happening due to knowledge dissemination in the process of immigration.
Further, I decompose the regions from which immigrants come into the Middle East, Europe and Asia to study the differences in the effects. The results in Table 8 , column (4) show that the positive effect of immigration on anonymously contributed content is driven by immigration from Middle Eastern countries (Azerbaijan, Israel and Turkey), followed by immigration from Asian countries, and is the lowest for Europe (the coefficient approaching to 0.003). For "Research Institutes" the coefficient for
European countries is about 0.03.
More important for assessing the robustness of effects is the concern that online content on Wikipedia grows in different languages following patterns of Wikipedia "adoption", or a learning curve, according to which the language specific community learns how to improve the coverage of topics. In columns (5) - (8) of Tables 8 and 9 , I control for potential growth of Wikipedia language editions which is not related to immigration. First, I include linear time trends for each origin and destination country. These trends would account for the growth of content of Wikipedia in the language of country o about all destination countries, and the growth of content about every destination country d in all languages. Column (5) for "Scientists" shows that the effects hold, while for "Research Institutes" the significance vanishes as standard errors grow, potentially, due to inclusion of many variables into the regression with not so many observations, while the coefficient and the standard error make sense. Columns (6) -(8) also control for trends in content generation, including as controls the number of new Wikipedia articles created in each language of Wikipedia (corresponding to countries of origin), total contributions to the domain in the immigrants' native language about all destination countries, and contributions about the domain in English. The robustness checks provide another piece of support to the finding that via immigration more knowledge about destination countries becomes available in the origin country. 
Identification challenge: a natural experiment
One potential drawback in the identification of the effect of interest in the baseline analysis is an endogeneity between the measures of immigration and content generated on Wikipedia. The inclusion of country-pair fixed effects addresses this problem by eliminating time-invariant factors that lead to stronger links between countries in terms of both immigration flows and information flows. Also, the inclusion of country-specific trends allows me to control for trends, such as the rising openness of a country, which stimulates higher immigration as well as more information available about this country, including online information on Wikipedia. However, as some residual correlation may remain uncontrolled for, I
go further and explore the nature of the immigration phenomenon to obtain better identification of the effect of immigration on knowledge generated online.
Immigration literature increasingly uses global shocks to immigration to identify causal effects of interest (Borjas and Doran (2015) , Ganguli (2015) , Anelli and Peri (2017) , and Barsbai et al. (2017) ).
For example, Borjas and Doran (2015) and Ganguli (2015) exploit the collapse of Soviet Union in 1991 as a shock in a natural experiment to estimate how the sudden influx of high-skilled immigrants affected scientific publishing. Anelli and Peri (2017) shows that similar shocks to immigration can occur due to macroeconomic conditions. They show that following the economic recession in 2008-2009, emigration from Italy experienced a strong and rather sudden shock in the beginning of 2010. I follow these novel studies and also rely on the fact that economic and political crises trigger emigration from the countries.
I exploit shocks to emigration from origin countries. Within my period of observation, a large subset of origin countries in the sample experienced political and economic crises. Table 13 in the Appendix lists the origin countries that experienced crises, according to the information from Wikipedia articles about each country. To show how crisis years in Table 13 correspond to an actual increase in the outflow of migrants from that country, I display total emigration from Russia on Figure 11 in the Appendix. It demonstrates an increase of more than 10,000 persons emigrating from Russia after the political crisis in 2012. Because the observed period in my dataset contains shock to immigration flows, following Angrist and Pischke (2014) , the fixed effects estimation (in Tables 5, 6 and 7) could be interpreted causally as difference-in-differences. However, I perform an additional robustness check using a more standard natural experiment setting.
The crisis moment for each immigrant origin country affected by economic or political crisis from Table   13 can be used as a setting for a natural experiment, meaning that a standard difference-in-difference estimation could be performed. Then, I estimate the following equation:
According to the rules of Wikipedia all information must have references to its relevant sources, for example, to online media and reports of international organizations. Table 10 presents the results of equation 2. Positive significant coefficients for countries affected by the crises after the beginning of the crises and the subsequent emigration shock support the evidence from FE estimations: immigration causally increases anonymous contributions to Wikipedia for the domains relevant to research, namely, about scientists and research institutes. After the emigration shock, content in the languages of countries affected by emigration about destination countries grew by about 18% and 24% in terms of edits and 42% and 99% measured in bytes. For the culture-related domain "Cuisine" and research-related domain "Scientists", contributions both from anonymous and registered users grow, although the magnitude is stronger for anonymously contributed content. and edits that add information to the articles. To draw a line between these kinds of edits, I consider that a significant contribution of information is made when one word or more is added. Then, contributions that add more then one word increase the information covered in the article.
As I analyze content generated in a set of languages, I need to consider the length of an average word in each language. I take the maximum average length of one word in a set of languages, 12 characters.
Then, if the contribution is less than one word, I define it as a minor contribution.
Following the basic specification, I regress the dependent variables, which measure how many minor and substantial edits were anonymously contributed, on the independent variable, the change in the flow of immigrants, which approximates the shock to immigration. In the regressions, I control for origin country time trends in content generation, which capture wiki language-specific trends, as well as for destination country time trends, which stand for topic-specific trends. Table 11 presents the results. We can see that for large domains, "Scientists" and "Cuisine", small contributions are more strongly affected by shocks to immigration, while for a smaller domain, "Research institutes", an increase in immigrants yields significant contributions of information to the Wikipedia articles. In terms of the magnitude of these effects, the effect on longer contributions about "Research institutes" in destination countries is the largest: an increase in the immigration flow by a thousand individuals yields a 2% increase in anonymous edits which add at least a full word to Wikipedia.
Source: http://www.ravi.io/language-word-lengths (2) show the results for the domain "Scientists", columns (3) -(4) for "Research institutes", and columns (5) -(6) for "Cuisine". All specifications include year dummies, origin country time trends and destination country time trends. All standard errors (in parentheses) are clustered at the origin-destination country pair level. Significance stars denote: *** p < 0.01 , ** p < 0.05 , * p < 0.1 .
Location of anonymous contributions
I further investigate the location of anonymous contributions. For a share of anonymous contributions from each domain I can assign the location based on the IP address of the contributions using R library "rgeolocate". As this share is not very high, I lose a lot of observations. For example, in the smaller domain "Research institutes" in 2006 only 50% of anonymous contributions are mapped with the countries and cities for IP addresses. This would leave me with about 160 observations in the regressions.
Therefore, in what follows I restrict my analysis to the large domains, "Scientists" and "Cuisine". Table 12 presents results for the analysis, in which I consider only contributions of immigrants in their native languages about the scientists and cuisine of their destination countries. Further, in Appendix (Table 14) I also show that the results hold if for each destination country we consider contributions about all countries. As the results in Table 12 suggest, as immigration inflow increases, more contributions in the domain "Scientists" and, concretely, about local scientists take place on Wikipedia. This is true for all edits, and the effect is driven by edits which are longer than one word. (6) show the results where the independent variable of interest is log number of immigrants from origin country o to destination country d in year t. In columns (7) -(8) the independent variable of interest is the log number of immigrants with tertiary education. All specifications include year dummies. All standard errors (in parentheses) are clustered at the origin country level. Significance stars denote: *** p < 0.01 , ** p < 0.05 , * p < 0.1 .
